We explore the relation between international financial integration and the level of entrepreneurial activity in a country. We use a unique firm-level data set in a broad sample of developed and developing countries, which enables us to present both cross-country and industry-level evidence. We find a positive robust correlation between de jure and de facto measures of international financial integration and proxies for entrepreneurial activity such as entry, size, and skewness of the firm-size distribution. We then explore potential channels through which foreign capital may encourage entrepreneurship. We find that entrepreneurial activity is higher in industries which have a large share of foreign firms in vertically linked industries. Second, we find that entrepreneurial activity in industries which are more reliant on external finance is disproportionately affected by international financial integration. JEL Classification: F21, F23, F34, G15, G18, L26, O19.
Introduction
In this paper we explore the relation between a country's level of international financial integration, that is, its links to international capital, and the level of entrepreneurial activity. Researchers have stressed the roles of entrepreneurship, new firm activity, and economic dynamism in economic growth. 1 The empirical effects of international capital mobility on firm dynamism and entrepreneurial activity, however, have received little attention in the literature albeit the intense academic and policy debates. Using different measures commonly employed in the literature in a new firm-level data set in a broad sample of developed and developing countries, we find higher entrepreneurial activity in more financially integrated countries and countries with fewer restrictions on international capital flows. We further explore various channels through which international financial integration can affect entrepreneurship (a foreign direct investment channel and a capital/credit availability channel) and provide consistent evidence of our results.
The theoretical effects of international financial integration on entrepreneurship are ambiguous.
The rapid rate of global financial integration, perhaps most directly observed in the explosive growth of foreign direct investment (FDI), has raised concerns in both the public and academic communities about potential negative effects of international capital on the development of domestic entrepreneurs with negative consequences to the economy as a whole. It has been argued that foreign enterprises crowd out local efforts, and thus impart few, if any, benefits to the local economy. Grossman (1984) shows that international capital, and in particular FDI, can lead to the crowding out of the domestic entrepreneurial class.
2 Hausmann and Rodrik (2003) argue that laissez-faire and in particular openness can lead to too little investment and entrepreneurship ex-ante. Similar concerns were raised by an earlier development literature. Hirschman (1958) , for example, warned that in the absence of linkages, foreign investments can have negative effects on an economy (the so called 'enclave economies'). More generally, researchers have argued that in the presence of pre-existing distortions and weak institutional settings, international capital mobility can increase the likelihood of financial crises; higher volatility and risk can reduce entrepreneurship and innovative efforts in a country. Some scholars have asserted that open capital markets may be detrimental to economic development (see Bhagwati, 1998 and Rodrik, 1998) . As Eichengreen (2001) notes, " [C] apital account liberalization, it is fair to say, remains one of the most controversial and least understood policies of our day."
On the other hand, access to foreign resources can enable developing countries with little domestic capital to borrow to invest, and resource constrained entrepreneurs to start new firms. Indeed, availability of funds has been shown to be an important determinant of entrepreneurship. 3 International financial integration should also facilitate international risk sharing and thus lower the cost of capital for many developing countries, and, by fostering increased competition, improve the domestic financial sector with further benefits to entrepreneurship. 4 Furthermore, researchers have stressed the potential positive role of knowledge spillovers and linkages from foreign firms to domestic firm activity and innovation.
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Whether international capital mobility is fostering or destroying entrepreneurship is a critical question in academic and policy circles. Yet, empirical analysis of the effects of international capital mobility on entrepreneurial activity and firm dynamism are all but absent from the literature. This is largely due to the difficulty of obtaining an international data set sufficiently comprehensive to support studies of firm dynamism in both developed and developing countries. As Bartelesman, Haltinwanger and Scarpetta (2005) note, at the firm level, no comprehensive survey exists with data for multiple countries, nor are there international data sets that contain micro-level data for comprehensive samples of firms. 6 We overcome this problem by using a new establishment-level data set in 98 countries in 1999, 2004 and 2007 . Our data set contains both listed and unlisted firms across a broad range of developed and developing countries at different stages of international financial integration. Over the last decades, barriers to international capital mobility have fallen in developed countries and diminished considerably in many developing countries. But despite recent trends, restrictions on international financial transactions are still quantitatively important for many countries, and de facto flows remain low relative to those predicted by standard models, in particular, for developing countries (see Alfaro, Kalemli-Ozcan, and Volosovych (2006) for and overview of recent trends in international capital mobility). Limitations with the data notwithstanding, the coverage of the data enables us to study the differential effects of restrictions on capital mobility on entrepreneurial activity.
Identifying the effects of international financial integration on entrepreneurial activity is, however, not an easy task. There is no one definition of entrepreneurship or what it entitles, hence, no one variable to measure it. Different views in the literature have emphasized a broad range of activities including innovation (Schumpeter, 1942) , the bearing of risk (Knight, 1921) , and the organization of the 3 Evans and Jovanovic (1989) show theoretically that wealth constraints negatively affect entrepreneurship. Evans and Leigthon (1989) find evidence that credit constraints are a critical factor in the founding and survival of new firms. 4 Increased risk sharing opportunities might encourage entrepreneurs to take on more total investments, or shift production activities towards higher-risk, higher-return projects; see Obstfeld (1994) . 5 Markusen and Venables (1999) propose a model that suggests that FDI will be associated with firm turnover. Although entry of foreign firms increases competition and, initially, forces the exit of domestic firms, in the longer run multinationals might stimulate local activity through linkages with the rest of the economy. See also RodriguezClare (1996) for a formalization of the linkage effects between foreign and domestic firms. 6 Bartelesman, Haltinwanger and Scarpetta (2004, 2005) review the measurement and analytical challenges of handling firm level data and attempt to harmonize indicators of firm dynamics for a number of countries. Their harmonized data, however, is available for few countries (mostly industrialized) and for many countries that data is confidential.
factors of production (Say, 1803) . Therefore, we analyze a variety of measures commonly used in the literature as imperfect proxies for various aspects of entrepreneurial activity (see Desai, Gompers, and Lerner 2003 , Klapper, Laeven, and Rajan 2005 , and Black and Strahan 2002 . We focus on firm entry, average firm size and skewness of the firm-size as these measures better capture firm activity but also consider age and vintage (a size-weighted measure of the average age of the firm). The literature distinguishes between de jure indicators of financial integration, which are associated with capital account liberalization policies, and de facto indicators, which are associated with actual capital flows. 7 We use both, as they capture different aspects of international capital mobility and financial integration.
We also control for other determinants found in the literature to affect the level of entrepreneurship such as local development level, market size, and institutional constraints.
The richness of our data enables us to study the relationship between international financial integration and entrepreneurial activity at two levels. We find countries with more relaxed capital controls (de jure integration) or receiving a higher volume of foreign capital (de facto integration) were on average more likely to experience greater entrepreneurship proxied by increased activity among new and small firms. Our results are both statistically and economically significant and are robust to different measures and specifications. In addition, we look at industries within countries using the methodology of Rajan and Zingales (1998) and Klapper, Laeven and Rajan (2005) which focuses on cross-industry, cross-country interaction effects to determine whether the effect of foreign capital is higher in industries which have a higher natural level of entrepreneurship using the Unites States as a proxy for the "natural activity" in an industry. We find that entry and skewness of the firm size distribution are relatively higher in naturally-high-activity industries when the country has relatively high international capital mobility.
The results confirm our previous findings. While we are reluctant to over-interpret these simple correlations, they do present to our knowledge the first cross-country evidence of the effect of foreign capital on entrepreneurship.
The nature of our data further allows us to consider various potential channels through which foreign capital might affect entrepreneurship. First, international financial integration might increase capital in the economy and improve its intermediation (a capital/credit availability channel). Although small firms might not be able to borrow directly in international markets, improved financial intermediation and other firms' (and the government's) international borrowing might ease financing constraints until some of the additional capital finds its way to new firms. Second, local firms might benefit from spillovers and linkages from foreign firms (FDI channel). We test for the former channel by exploring whether entrepreneurial activity is higher in firms that are more dependent on external finance as defined by Rajan and Zingales (1998) . The evidence does indeed suggest this to be case. In terms of the FDI channel, our data set has the advantage of enabling us to distinguish between foreign and local 7 See Prasad et al. (2003) for a discussion of the different indices and measures used in the literature.
firms. We find that entrepreneurial activity is higher in industries which have a large share of foreign firms or in vertically linked industries. Our results are consistent with our previous findings.
Important concerns in our analysis are related to sample biases, policy endogeneity and omitted variables biases in terms of establishing the causality between international financial integration and proxy variables of entrepreneurial activity. Capital account liberalization and entrepreneurial activity might, for example, be positively correlated with an omitted third factor. If that factor was a government policy-for example, a policy-maker anticipating improvements in external conditions liberalizes a country's capital account-we would observe capital liberalization and intensified firm activity. We take different steps to mitigate these concerns. We control for other variables that might affect entrepreneurial activity. We believe the extensive robustness analyses we perform eases concerns about potential omitted variables. We also look at different proxies for entrepreneurial activity and capital mobility. We analyze industry proxies as opposed to country ones, and test effects controlling for the different sectors. Even if firm dynamism is correlated because of an omitted common factor, it is hard to argue that the latter affects the relation between capital flows and entrepreneurial activity in a systematic way for firms in sectors with different characteristics. Although, naturally, it is impossible to control for all possible variables that might be correlated with international financial integration and firm activity, the results using different sample periods, estimation techniques, and the Rajan and Zingales (1998) methodologies further ease concerns that our results are driven by these biases. Finally, we find that mechanisms consistent with the correlation unveiled are supported by the empirical evidence. However, even after all of these tests, our estimates should be interpreted with caution.
We noted earlier the scarcity of empirical work on the effects of international capital mobility on entrepreneurial activity. A number of papers have studied how different aspects of capital account liberalization affect a firm's financing constraints and the cost of capital. Chari and Herny's (2004) examination of the effect of stock market liberalization in 11 emerging markets suggests that publiclylisted firms that become eligible for foreign ownership experience a significant average stock price revaluation and significant decline in the average cost of capital. Harrison, Love and McMillian (2004) find FDI inflows to be associated with a reduction in firms' financing constraints while restrictions on capital account transactions negatively affect their financial constraints. 8 Gorg and Strobl (2002) find foreign presence to be associated with higher entry in Ireland. Galindo, Schiantarelli, and Weiss (2007) study whether financial liberalization has increased the efficiency of the allocation of investment in publicly traded firms in 12 developing countries. Recent work has studied the role of foreign banks (see Detragiache, Tressel and Gupta (2006) for survey and empirical finding). These studies, in particular 8 The authors use large publicly traded firm level data for 38 countries and 7079 firms from the Worldscope data base. In contrast, Harrison and McMillian (2003) find that in the Ivory Coast for the period 1974-1987, borrowing by foreign firms aggravated domestic firms' credit constraints. 10 Scarpetta et al. (2002) use firm level survey data from OECD to study exit and entry. They find that higher product and labor regulations are negatively correlated with entry for small and medium sized firms in OECD. Using the Amadeus data set for 1999, Desai, Gompers, and Lerner (2003) and Klapper, Laeven, and Rajan (2005) those examining developing countries, tend not to use firm level data or restrict the analysis to publicly traded firms due to availability constraints. Overall, our results are consistent with their findings.
Our paper also relates to the research on the effects of the external environment on entrepreneurship. Bertrand and Kamarz (2002) study of the expansion decisions of French retailers following new zoning regulations in France. Scarpetta et al. (2002) , Desai, Gompers, and Lerner (2003) , Klapper, Laeven, and Rajan (2005) , and Kumar, Rajan, and Zingales (1999) have studied different aspects of the external environment on firm creation and entrepreneurship in a cross-section of European countries. Other work on aspects of entrepreneurship include Johnson et al.'s (2002) finding that investment by entrepreneurs is lower in countries with weak property rights; Black and Strahan's (2002) , and Guiso, Sapienza, and Zingales' (2004) finding that competition in the banking sector and financial development fosters firm entry in the U.S. and Italy respectively; Beck, Demirguc-Kunt, Laeven, and Levine's (2006) finding that financial development exerts a disproportionately positive effect on small firms; and Acemoglu, Johnson and Mitton (2008) cross-country study of concentration and vertical integration. Most of these papers, with the exception of the latter, use data from the Amadeus dataset (which has data for Western and Eastern Europe only) or the Worldscope database (which includes information for a large number of countries but covers only relatively large, publicly trade firms). 10 Our paper also contributes to this literature by exploring the determinants of firm dynamism in a broader sample of developed and developing countries using data for both private and public firms. To our knowledge our paper is the first to study different aspects of firm entrepreneurship and the effects of international capital. Most of the literature has not controlled for the role of international financial integration nor study the effects of financial market development using firm level data in a sample that encompasses a broader sample of developing countries. Our results show a positive and significant effect of international capital even after controlling financial market development.
Finally, by focusing on micro effects, our results contribute to the broader debate on the effects of international financial integration. 11 As argued by Schumpeter, firm entry is a critical part of an economy's dynamism. Previous work has documented the important effects of new firm entry and economic dynamism on economic growth. Obstacles to this process can have severe macroeconomic consequences. International competition is an important source of creative destruction. Researchers have documented significant productivity, firm dynamism, and reallocation effects from trade openness with positive effects for specific countries. This paper documents and studies the relation between firm obtain similar findings. Kumar, Rajan and Zingales (1999) use data from Enterprise Europe for either 1991 or 1992. Black and Strahan (2002) use data for the U.S. from D&B, Acemoglu, Johnson, and Mitton (2008) use also D&B data for 769,100 firms; Beck et al. (2006) use industry level data complemented by U.S. Census data. Publicly listed firms account for only 25 percent of jobs, even in the United States. Although it is difficult to quantify this number for our broad sample of countries, presumably, publicly traded firms are of much greater importance in the United States than in most other countries. 11 See Henry (2006) and Kose et al. (2006) for recent reviews of the literature.
dynamism and international financial integration. Our results suggest that, contrary to the fears of many, international financial integration has been associated with greater firm activity.
The rest of the paper is organized as follows. Section 2 describes the data. Section 3 presents the main empirical results. Section 4 discusses potential channels and presents evidence consistent with the main results. Section 5 concludes.
Data and Descriptive Statistics

Firm Level Data
Recent theoretical work in macroeconomics, trade, and development has emphasized the importance of firm heterogeneity and firm-level dynamism to economic activity. Cross-country empirical investigations at the firm-level, however, are notoriously challenging because of both the lack of data and the difficulty of comparing the few high quality time-series datasets that are available (mostly in rich countries). The problem of paucity of data is particularly acute for developing countries, and selection problems tend to be associated with biases in and potential endogeneity of the cross-country sample frame.
The reason for the data constraint is simple: economic censuses of firms are infrequently collected due to high cost and institutional restrictions that impose an "upper-bound" on research, especially in poor countries, but also in rich ones. No institution has the capacity or resources to overcome the limitation of "lack of census data" for a wide range of countries and periods. Hence, most methodologies face this restriction. The implications of firm heterogeneity, however, merit going forward within the existing data limitations. There is a clear need to combine data from multiple countries (in particular, developing countries) in order to understand, for example, the role of institutional policy differences. Researchers have thus sought to find other sources of business "compilations" (registries, tax sources) such as the WorldBase data set used in this paper.
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In this paper, we use data from WorldBase compiled by Dun and Bradstreet, a database of public and private companies in more than 200 countries and territories.
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The leading U.S. source of commercial credit and marketing information since approximately 1845, D&B presently operates in the 12 Of these, most studies have used the Amadeus data because it includes data on both publicly listed and private firms. The Amadeus data is provided by Bureau Van Dijk (BvD), a European electronic publishing firm which gathers the data through information providers of Amadeus data within each country. In some countries these providers gather the national data within each country (e.g., Companies House in the UK) and in other countries (particularly Eastern Europe) they collect it direct from firms. These national companies collect the data from the national public body in charge of collecting the annual accounts in its country. Because of different disclosure requirements, the amount and type of information also varies among countries. 13 D&B Early uses of the D&B data include Caves ' (1975) reduces the likelihood that the sample frame will be determined by national institutional characteristics.
In Appendix A, we compare the Dun & Bradstreet data to the other data sources. The comparison illustrates that our data set seem to be well suited for our analysis.
Entrepreneurship Measures
How to measure entrepreneurship? Given the different perspectives in the literature on the role of entrepreneurs in an economy, definitions have emphasized a broad range of activities including the introduction of innovation (Schumpeter, 1942) , bearing of risk (Knight, 1921) , bringing together of factors of production (Say, 1803) . In general, entrepreneurs are risk-bearers, coordinators and organizers, gap-fillers, leaders, and innovators or creative imitators.
If there is no one way to define entrepreneurship, there is certainly no one way to measure it.
Hence, while simple comparisons of different indicators remain difficult to interpret, we use a variety of proxies commonly used in the literature which should give us an overall picture of entrepreneurial activity in the country (and mitigate concerns related to any one measure in particular). Following Black and Strahan (2002), Desai, Gompers, and Lerner (2003) , Scarpetta et al. (2002) , and Klapper, Laeven, and Rajan (2005) , we calculate for each industry/country pair the rate of entry, average establishment size, the skewness of size, age, and vintage. 16 14 Our view is that the expansion of activity by existing firms via new plants is an indication of entrepreneurial activity. In the literature, the mapping between theory and data is unclear with respect to firm vs. establishment variation, but is probably closer to establishment variation. Product differentiation and TFP variation in Melitz (2003) type models, for example, probably maps best into establishment level variation. Lucas's (1978) span of control is likely relevant at the firm and establishment level. Large firms in countries like the United States, for example, are multi-establishment, multi-product, and horizontally and vertically differentiated. As noted in the US Census documentation, many companies own or control establishments that engage in different geographical areas and different kinds of business. Because many factors are likely at work (see Sutton 1997) , we prefer to use establishment, but have performed robustness tests using wholly owned firms obtaining similar results. 15 For more information about the quality control processes see: http://www.dnb.com/us/about/db_database/ dnbinfoquality.html. 16 Here and henceforth, we use the terms firm and establishment interchangeably when no confusion is caused by doing so. Because of the year differences in our data, we do not calculate exit. As Bartelesman, Haltinwanger and Scarpetta (2005) note, about 20% to 40% of entering firms fail within the first two years of life. The Global Entrepreneurship Monitor (GEM) publishes indices of entrepreneurial activity. These data did not seem to be empirically consistent with other measures used in the literature and hence are not used in this paper.
i. Entry:
Entry is defined as the number of new establishments (two years of less) divided by the total number of firms in the country/industry pair. Markets that provide more opportunities are said to be more dynamic and entrepreneurial. Greater access to capital and improvements in a country's financial markets associated with international financial integration should ease capital constraints and positively influence entry decisions in a country.
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ii. Size: We calculate average establishment size measured by the log of the average number of employees in each country/industry pair. Small firms play an important role in the economy as they are often portrayed as sources of innovation, regeneration, change and employment. Although the prediction is not unambiguous, we expect lower levels of capital rationing associated with international financial integration to result in greater numbers of small firms being able to enter and survive in the market.
iii. Size Distribution: We also examine the relation between skewness of the establishment-size distribution and international financial integration. If capital constraints are operative in shaping the nature of industrial activity, the firm-size distribution should be skewed. Cooley and Quadrini (2003) and Cabral and Mata (2003) argue that in the presence of capital constraints, size distribution will be skewed.
In Cabral and Mata (2003) , for example, firm growth depends upon investment and access to capital.
Capital constraints tend also to affect younger firms that are likely to be capital rationed.
iv. Age:
In the robustness section, we use average age in each industry/country pair-an alternative measure of firm turnover. We expect greater financial integration to be associated with more dynamic business environments and lower average age.
v. Vintage:
We also use in the robustness section a weighted average measure of age. Following Desai, Gompers and Lerner (2003) vintage is the weighted (by numbers of employees) average age of each productive unit in each country/industry pair. This measure shows the importance of young firms to the productive capacity of an industry. Low vintage indicates that young firms dominate the productive capacity. The predictions with respect to vintage are not unambiguous, although we expect smaller, younger firms to benefit from greater access to international funds. Appendix A explains all variables in detail.
Capital Mobility Data
How to measure international financial integration? Assessing a country's integration with international financial markets is a complicated task. The process, that is, the change in the degree to which a country's government restricts cross-border financial transactions, is complex and involves multiple phases. 
where E ict corresponds to the entrepreneurial activity measure in industry i of country c at time t, K ct corresponds to the measure of capital account integration, X ct corresponds to country level controls, i δ is a full set of industry dummies, δ c is a full set of country dummies and δ t corresponds to country dummies, and ε ic corresponds to the error term. Our analysis is at the two-digit industry level. The industry dummies control for cross-industry differences in technological level or other determinants of entrepreneurship. Hence, in equation (1), we look at whether, for each industry, firms in a country with greater capital mobility exhibit more entrepreneurial activity than firms in a country with less capital mobility. In other words, cross-country comparisons are relative to the mean propensity to "generate entrepreneurial activity" in an industry relative to the industry and time averages. The estimation procedure uses White's correction for heteroskedasticity in the error term. Because the capital mobility variables vary only at the country level, we present results with standard errors corrected at the country level (clustering).
In terms of our controls, the literature has found the institutional and business environment as well as industry characteristics to affect the levels of entrepreneurial activity in a country. In the main specification we use the (logarithm of) GDP per capita to proxy for development. The level of economic development is likely to affect the attractiveness/success of becoming an entrepreneur. We use the (logarithm of) GDP to control for scale effects that might affect entrepreneurial activity. We control for the rate of real GDP growth to capture current economic activity. In addition, we use various controls for institutional quality. We use data from the International Country Risk Guide (ICRG), a monthly publication of Political Risk Services. We use specifically the variables non-corruption, law and order, and bureaucratic quality, all of which we expect to be positively related to entrepreneurial activity. 22 We 21 Ireland experienced particularly high flows during this period. Results are robust to excluding Ireland from the sample. 22 ICRG presents information on the following variables: investment profile, government stability, internal conflict, external conflict, no-corruption, non-militarized politics, protection from religious tensions, law and order, protection from ethnic tensions, democratic accountability, and bureaucratic quality. We do not use the entire index as we do not have, a priori, a view on how some of these variables might affect entrepreneurial activity, and suspect that some might have opposite effects.
use domestic credit as a percentage of GDP control for financial market development which we expect to have a positive effect.
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In our main regressions, we run specification (1) on the different measures of entrepreneurship:
entry, firm size, and skewness of the firm-size distribution, and on different measures of capital account integration, namely, the IMF index, capital inflows, FDI inflows, stock of foreign liabilities, and gross flows. Our main control variables are (log of) GDP, (log of) GDP per capita, GDP growth, domestic credit to GDP, and indices of bureaucracy, non-corruption, and law and order. We use weights in the regressions to reflect the different size of each industry/country observation. 24 For many industries, the rate of firm entry is zero or negligible. To account for this large number of zeros and our upper bound at 1, we use a Tobit estimation model for the firm entry regressions. 25 This specification allows us to observe a regression line that is not heavily weighted by the large number of industries with a wide range of characteristics but which did not generate any observed new firms in our sample period.
Tables 3a-3c present the main results for our data that suggest a negative and significant relation between different measures of entrepreneurial activity and restrictions on capital mobility. We performed additional robustness checks some of which we report on Appendix B. Table 3a presents results for firm entry as the dependent variable. In column (1), the marginal effect of the IMF index conditional on the dependent variable (rate of firm entry) being uncensored is - In Table 3b , the dependent variable is the log of employment in the industry/country pair. As seen in Column (1), an inter-quartile reduction in the IMF index (less restrictive controls) is associated with a decrease in average firm size by 4 percent. Similar increases in the Capital Inflows/GDP variable are associated with a significant decrease in average firm size of 31 percent.
In Table 3c , the dependent variable is skewness of the firm-size distribution. Our results are both economically and statistically significant. Column (1) of the table shows the effect of the IMF index on 23 In the robustness section we use additional measures for financial development and regulation. 24 We find similar results when unweighted and when weighted by either the number of firms or the total employment in the industry/country. 25 When we run the regression using OLS and clustering, the results are significant.
the skewness of the firm size distribution in each industry to be negative and significant. To get a sense of the magnitude of the effect of a reduction in the IMF index on the level of entrepreneurial activity, consider a movement from the 25 th percentile to the 75 th percentile in the distribution of the index of restrictions; based on the results shown in column (1), 8 percent reduction of average industry skewness.
In terms of the effect of de facto measures of integration on the firm size distribution, a similar interquantile movement of the Capital Inflows/GDP variable is associated, based on the results in column (2), with a 17 percent increase over the industry average.
Cross-Industry, Cross-Country Interaction Effects
In addition, our data allows us to look at cross-industry, cross-country interaction effects following the methodology of Rajan and Zingales (1998) and Klapper, Laeven, and Rajan (2005) . We run:
where ict Ε corresponds to the entrepreneurial activity measure in industry i of country c, at time t, δ i , γ c, and t δ represents industry, country and time dummies. The industry indicators correct for industryspecific effects; country dummies correct for country-specific variables. The focus of analysis is on the interaction term θ between a country characteristic (K c ) and an industry characteristic, Z i . For country characteristics, we use the capital mobility measures. For industry characteristics, following these authors, we use the United States as a proxy for the "natural" entrepreneurial activity in an industry reflecting technological barriers in that industry like economies of scale. "Of course, there is a degree of heroism in assuming that entry in the United States does not suffer from artificial barriers," write Klapper, Laeven, and Rajan (2005, p.17) , but the methodology requires only that rank ordering in the United States correspond to the rank ordering of natural barriers across industries, and the latter rank ordering correspond to that of other countries. This methodology, as explained by the authors, enables us to address issues associated with country effects. We examine the differential effects of country level variables across industries and by correcting for industry effects we also correct for the fact that average entrepreneurial activity may depend on the industries' characteristics. This is equivalent to de-meaning the variables using their industry and country averages and thus removing some of the sample selection problems.
Focusing on entry and the skewness of the firm size-distribution, we find the coefficient on the interaction term θ to be positive and significant for the different proxies of capital integration as seen in Table 4 (results using data 
Endogeneity and Sample Intensity: Discussion
Important concerns related to all the previous findings include whether a potential omitted third factor explains the relation between the different measures of entrepreneurship and international financial integration and whether reverse causality might be driving our results. The Rajan and Zingales methodology mitigates some concerns about endogeneity, but we also undertake several additional checks to examine the robustness of our results, some of which we report in Appendix B. Table B1 shows the coefficients on the capital mobility measures to be stable across specifications with different controls. Table B2 uses additional proxies for entrepreneurship and other measures of de facto financial integration. Table B3 shows our results to be robust to using only the manufacturing sector, only developed countries, excluding the United States from the sample, and adding regional dummies, controlling for trade and inflation. Table B4 and B5 shows our results to be robust to controlling for other measures of regulation and level of domestic financial development as well as other macroeconomic controls.
In addition there are concerns that our results might be driven by the sample frame if changes in the sampling intensity of our data in specific countries are correlated with changes foreign capital flows.
Nonetheless while we believe that the WorldBase is the best available data to answer our question, we are aware of its limitations. In our final sample, the number of observations per country ranges from more than 7 million firms in the United States to fewer than 90 firms in Burkina Faso. This variation reflects differences in country size, but also differences in the intensity with which Dun & Bradstreet samples firms in different countries and in the number of firms in the informal sector. This raises concerns that our measures of entrepreneurship might be affected by cross-country differences in the sample frame. For example, in countries where coverage is lower or where there are a large number of firms in the informal sector (which are not captured in our data), more established enterprises-often older and larger firmsmay be overrepresented in the sample. This may bias our results if the country characteristics which determine the intensity of sampling are correlated with our explanatory variables.
We address this concern in a number of ways. Rather than simply relying on a single measure, we use different proxies for entrepreneurial activity and de facto and de jure proxies for international financial integration. We use in addition to country and time effects, industry fixed effects in the regression analysis to ensure that within industry variation is emphasized. We compare our results for 1999, 2004 and 2007 and study how changes in our measures of entrepreneurship between these time periods relate to changes in capital restrictions and capital mobility. As Bartelesman, Haltinwanger and
Scarpetta (2005) note, since much of the error is country specific, methods that amount to some form of first differencing the data significantly reduce many of the identified problems in firm level data sets.
This gives us more confidence that our results are not driven by the sample frame, although it is still possible that changes in sampling procedure are correlated with changes in financial integration over the same period. Comparisons of the different samples suggested this not to be the case. 26 In particular we analyzed the correlation between the change in the sampling intensity of old firms and the change in the capital mobility measures. The correlation of these variables was low and in fact negative for many of our measures. For example, the correlation between the change in the number of new firms in 04 and in 99
and 07 and 04 and the change in the IMF index and capital inflows on GDP were, respectively, -0.012 and 0.05 and 0.0371 and 0.007. We also repeat our specifications for sub-samples which include only the rich countries which are the most intensively sampled by Dun & Bradstreet. Third, we deal with the possibility that our results might be driven by a small number of observations in country/industry pairs by excluding outliers and weighting country/industry pairs by the number of observations in the industry. In the robustness section we include a measure of the size of the informal sector. Fourth, we include a measure of country sampling intensity in our regressions and find that our results are robust. 27 We also use the Rajan and Zingales (1998) methodology and focus on cross-country, cross-industry interaction effects. By focusing on interactions, we examine the differential effects of country level variables across industries.
Even after all of these tests, our results should be interpreted with caution. Notwithstanding the remarkable consistency in our results, we are reluctant to infer causality. Instead we present these results are strong correlations which motivate the analysis which follows.
The Effect of Credit Availability and Foreign Capital on Entrepreneurship
The Dun & Bradstreet data enable us to go beyond cross country correlations to look at causal channels through which foreign capital may affect domestic entrepreneurship. In particular we investigate whether capital mobility affects entrepreneurship through a change in the activity of domestically-owned firms in contact with foreign firms (an FDI channel) or through the availability of resources (a capital/credit availability channel).
The Effect of Foreign Capital Through Foreign Direct Investment
We examine the effect of international financial integration on entrepreneurial activity through foreign firms' (FDI) influence on the creation of new domestic firms. Our data contain information on the nationality of each firm's ownership, which enables us to directly test the FDI channel through the presence of foreign-owned firms. We restricted this analysis to the 2004. In particular, we investigate the effects of foreign firms on new domestically-owned firms in the same industry. Specifically, we run:
26 Conversations with Dun & Bradstreet on their methodology also suggested that this was unlikely to be the case. 27 We use the ratio of the number of firms in the database to GDP. In Columns (1) and (4) of Table 5 
Down Stream Presence ict = ∑ j (Z ji_US × W jct ) (4)
where W jct is the total number of foreign firms in industry j in country c as a percentage of the total number of firms in industry j in country c. Z ji is an input-output coefficient-we use the ratio of the inputs in industry j sourced from industry i in the United States to the total output of industry i in the United States according to the BEA 4-digit SIC direct input output tables. Thus, the presence of foreign firms downstream from industry i is weighted by the volume of goods they purchase from industry j. We estimate the following relation:
28 Note that in this case, both our variable of interest and the dependent variable are aggregated at the industry level.
Regressions are weighted by number of firms.
We estimated as well a similar regression for upstream presence.
In Columns (2)- (3) and (5)-(6) of Table 5 , we investigate the effect of forward and backward linkages on the creation of new domestic firms (domestic entry) and skewness of the firm-size distribution of domestic firms. 29 Columns (2) and (3) show positive and significant the effect of foreign presence on upstream and downstream sectors. In this case, the interquartile change in foreign ownership in upstream industries is associated with a 12% increase in entry and downstream is not significant.
Columns (4) and (6) suggest the presence of foreign firms to have a significant and positive effect on the skewness of domestic downstream activities while the effect on upstream activities was not significant at standard levels. Overall, these results are broadly consistent with the evidence of vertical spillovers from FDI. Overall, although our data do not permit to correct for some of the concerns associated with crosssection analysis, our results are consistent with our previous findings.
We also find evidence from firm level spatial analysis that foreign owned firms appear to create opportunities for plant activity. Appendix C presents firm-level spatial analysis (for western European countries due to data limitations) to show that the geographic distribution of new firms is related to the distribution of foreign direct investments and that this pattern is significantly different from what we might expect of a random distribution. This effect is particularly strong between industry pairs where the foreign firms are 'upstream' of the new entrepreneurs suggesting that foreign investment may create opportunities for potential suppliers.
Capital/Credit Availability Channel
We first investigate the possibility that capital mobility affects entrepreneurship through the capital /credit availability channel. There is considerable evidence suggesting that financing constraints are important determinants of firm dynamics. We investigate whether firm activity in industries which are more reliant on external finance are positively or negatively affected by our measures of international financial integration. For each industry we proxy the dependence on external finance with the variable defined by Rajan and Zingales (1998) -the difference between investment and cash generated from operations. 30 In this specification our interaction term (Z i × K c ) from Equation (2) 
is (External Financial Dependence i × Capital Mobility c ).
We run this specification across de jure (the IMF index) and three de facto measures of capital mobility. Table 6 reports comparable results for 2004. 31 We find 29 Note that for the industries upstream and downstream the variable is the number of foreign firms in the up/down industry weighted by the IO coefficient between the industries (which are in the range of 0.001-0.005). Hence, the coefficients between "same" (which is the number of domestic firms in the same sector) and "up" and "down" sectors are not directly comparable. 30 The authors identify an industry's need for external finance (the difference between investment and cash generated from operations) under two assumptions: (a) that U.S. capital markets, especially for the large, listed firms they analyze, are relatively frictionless enabling us to identify an industry's technological demand for external finance; (b) that such technological demands carry over to other countries. Following their methodology, we constructed similar data for the period 1999-2007 as explained in Appendix A. 31 The lower number of observations in Table 6 is due to the lack of external finance measures for some industries. We obtain similar results using 2007 data.
entrepreneurship in industries more reliant on external finance to be more sensitive to restrictions on capital mobility and more strongly affected by increased flows of finance. This result is robust to controlling for financial development proxied by domestic credit to GDP and stock market capitalization (not shown). Moreover, the magnitude of the relationship is economically significant. For example, a change in the IMF index equivalent to an increase from the 25 th to the 75 th percentile in our sample reduces the percentage of new firms in an industry with average levels of financial dependence (Rubber Products) by 20% over the average proportion of new firms in all industries. Similar interquantile changes for the inflows of capital and inflows of foreign investment variables are associated with increases of 26% and 29% respectively.
Our results are also consistent with the findings of Harrison et al. (2004) that incoming FDI has a significant impact on investment cash flow sensitivities for domestically owned firms and firms with no foreign assets. The authors argue that their results are in line with the hypothesis that foreign investment is associated with a greater reduction of credit constraints on firms less likely to have access to international capital markets. This is plausible because incoming foreign investment provides an additional source of capital, freeing up scare domestic credit which can then be redirected towards domestic enterprises.
Conclusions
Using a new plant-level data set in a broad sample of developing and developed countries, we found a positive relation between measures of capital account integration and entrepreneurial activity in a country. While reluctant to over-interpret these simple correlations, and concerns related to the data set and estimation procedures notwithstanding, there is noteworthy consistency across our different specifications and robustness tests. We also find evidence that entrepreneurial activity in industries which are more reliant on external finance is disproportionately affected by international financial integration, suggesting that foreign capital may improve access to capital either directly or through improved domestic financial intermediation. We also find evidence that FDI may create opportunities for new firms as potential suppliers to the foreign firms.
Capital market liberalization is unquestionably a controversial policy. Our results do not comment directly on the welfare issues associated with liberalization policies and are indeed consistent with many of the findings on capital account liberalization and growth. Our conclusion is strongest for direct investment and most robust in rich countries. At a minimum, the use of micro data should enhance our general understanding of the process by which the effects of liberalization are transmitted to the real economy. establishments (from which we exclude establishments in the total sample without the year started).
Data Appendix
About three quarters of all U.S. establishments have no payroll. Most are self-employed persons operating unincorporated businesses that might or might not be the owner's principal source of income.
The U.S. census records 7,200,770 'employer establishments' with total sales of $22 trillion. Our data include 4,293,886 establishments with more than one employee with total sales of $17 trillion. The U.S.
census records 3.7 million small employer establishments (fewer than 10 employees). Our data include 3.2 million U.S. firms with more than one and fewer than 10 employees. In our data, 6. Creative Destruction in Industrial and Developing Countries." The authors have compiled from a variety of sources (including business registries, social security databases, and census-or employee-based registries) a data set on firms across broad sectors and various countries for the 1990s. Years and sources differ across countries depending on availability. The data is available for few (mostly industrialized) countries and for many countries the data are confidential. Because the information in our data set is out of their sample period, we cannot directly compare the data. It is also hard to compare because of differences in the coverage. Overall, broad comparisons illustrate that our data set seems to be well suited to our analysis.
c. Variable Description and Sources
List of Countries
Algeria, Angola, Argentina, Australia, Austria, Belgium, Bolivia, Bosnia-Herzegovina, Brazil, Bulgaria, Skewness: Skewness of the firm employment distribution for each country/industry pair.
Size: (Log) of the average number of employees for each country/industry pair.
Entry: Number new firms (less than two years) divided by the total number of firms in the country/industry pair. We also calculate domestic new firms (the ration of domestically-owned new firms to total domestic firms).
Age: Average age of the firms in each country/industry pair.
Vintage: Weighted average of the age of the firms in each industry/country pair, the weights being the total number of employees. Institutional Quality: From the International Country Risk Guide (ICRG), a monthly publication of Political Risk Services. Non-corruption (assessment of corruption within the political system; average yearly rating from 0 to 6, where a higher score means lower risk). Law and order (the law subcomponent is an assessment of the strength and impartiality of the legal system; the order sub-component is an assessment of popular observance of the law; average yearly rating from 0 to 6, where a higher score means lower risk). Bureaucratic quality (institutional strength and quality of the bureaucracy; average yearly rating from 0 to 4, where a higher score means lower risk.).
Independent Variables
IMF's Capital Account Liberalization
Regulation: From the World Bank, World Development Indicators: number of days required to start a business; business disclosure index (0=less disclosure to 7=more disclosure); legal rights of borrowers and lenders index (0=less credit access to 10=more access). 
Dependence on External
Appendix B. Robustness Checks
We performed additional robustness checks on the regressions results in (1). Table B1 presents the results of equation (1) using skewness as proxy for entrepreneurship and the IMF index and capital inflows in columns, as measures of international financial integration. The table shows the significance of the coefficient of the capital mobility measures to be relatively stable across specifications which consider different main controls. We obtain similar results using the other measure of entrepreneurship and proxies for international financial integration.
Columns (1)- (2) in Table B2 show our results to be robust to using as additional proxies for entrepreneurship: firm age and firm vintage. An additional concern is that our results may be driven by considering establishments as the unit record. Column (3), however, shows our results robust to using only wholly owned firms when calculating our entrepreneurship measures (the table shows skewness results). That is, we exclude from the sample establishments that report to domestic parents. Our results were similar when considering domestic parents and subsidiaries as a single entity and using other the measures of entrepreneurship.
Another concern is that our results may be driven by different sampling intensities in different countries. It might be the case, for example, that countries with higher sampling intensity have disproportionately more small firms. Column (1) in Table B3 , which controls for the number of firms sampled in each country, suggests this not to be the case. As mentioned, our results are also weighted. In addition, table B3 shows our results to be robust to using only the manufacturing sector in column (2), only rich countries in column (3), excluding the United States from the sample in column (4), and adding regional dummies in column (5), inflation in (6) and trade in (7). Table B4 performs additional robustness using other controls for financial development such as market capitalization to GDP in column (1) and M3 to GDP in (2). In column (3) we use inflation as a measure of macroeconomic instability. Our results are robust to the inclusion of the value of the trade openness defined as the sum of exports and imports as a share of output. in the last column in (4).
Controlling for the (the log) of population (as an alternative proxy for scale) and for education levels (share of primary school) yielded similar results (not shown). As another imperfect attempt to account for possible endogeneity biases, we used institution-based instruments for financial integration from La Porta et al. (1998) which have been used in the literature for international financial liberalization and domestic financial development. Criticism of these instruments notwithstanding, overall the IV regression did not contradict the conclusions drawn from the OLS regressions. (1)- (3), we control for indices of borrowers' and lenders' rights and business disclosure from the World Bank as additional proxies for regulation, and stock market capitalization as proxies for financial development. Data for 'days to start a business' from World Bank, World Development Indicators is not available for 1999. We tested our results using the 2004 data in a cross section analysis obtaining similar results. Column (4) controls for inflation while column (5) uses GDP volatility. In columns (6) we use the EIU growth forecasts as an imperfect measure of exogenous growth opportunities. As shown in column (7), we add trade and in column (8) controls the share of the informal sector in the economy obtaining similar results (these data, however, were available for a wide range of countries for 2000 only).
Appendix C. Firm Level Spatial Analysis
We investigate the relationship between foreign firms and entrepreneurs at the firm level using spatial analysis. We develop a distance-based test to determine whether foreign firms crowd out or create opportunities for new firms. Our methodology is based on the fact that domestic and foreign firms have different characteristics which may differentially affect other firms in their region and second that the effect of those characteristics on other firms attenuates with distance.
A considerable literature has established that domestic and foreign firms are different and that they may exert different externalities on the firms around them. 35 Multinational firms may embody more technology than their domestic counterparts and are more likely introduce new products or processes 35 For a survey see Barba-Navarett and Venables (2004) .
which benefit the accelerated diffusion of new technology. If the benefits from foreign ownership are not entirely internalized then domestic firms stand to gain from the presence of foreign firms. Alternatively the entry of a multinational firm might simply crowd out national firms competing away their market shares and forcing them up their cost curves, or by bidding up the prices of inputs. A second literature in regional economics has recognized that strength of the interaction between firms is not neutral with respect to distance. 36 Combining the insight that foreign and domestic firms exert different externalities with the possibility that these externalities attenuate with distance gives rise to a spatial methodology with which to examine the effect of foreign firms on domestic entrepreneurship.
a. Construction of Variables and Significance Tests
For each industry s we classify our firms into three types: "foreign" firms if they report a foreign owner in 2004, "new" if they are less than two years old and do not have a foreign parent, and "domestic"
if they satisfy neither of these criteria. We restrict our attention in this section to data for manufacturing A key requirement of spatial analysis is that we be able to say something about its statistical significance. We do this by testing how the average distance between new firms and foreign firms differs from some counterfactual which we construct by considering the properties of a random entry pattern. In a random counterfactual our entrants would locate no differently whether the firms were foreign or domestically owned. To mimic this we create a control group of firms which includes all the foreign firms and a group of matched domestic firms in the industry. We randomly draw, without replacement, N f 36 A number of studies have considered the effect of the geographic distribution of incumbents on the establishment and performance of new firms. Rosenthal and Strange (2003) find evidence that firm entry is more likely near concentrations of existing employment in the same industry, see also Ciccone and Hall (1996) . 37 Dun and Bradstreet reports the physical location of the establishment rather than a registered address. 38 In the UK this comes from the All Fields Postcode Directory, for other countries it was supplied by MapMechanics. The maximum error is the distance from the centre of the postcode to its extremity, which in the UK is less than 100m for 99% of establishments, and a maximum of a few kilometers for other countries. 39 The formula for the great-circle distances between the two points, i.e. the shortest distance over the earth's surface, using the 'Haversine' formula is distance(1,2) = acos(sin(lat1). sin(lat2) + cos(lat1). cos(lat2). cos(long2−long1)). 40 For computational ease and since the effect of firms is expected to attenuate over distance.
firms from this control group. This is equivalent to randomly re-labelling all the firms as either domestic or foreign while holding the share of both groups constant.
Determining matching criteria for our control group requires us to consider which qualities of foreign firms we are analysing. As discussed above, foreign firms are different to domestic firms along various dimensions including size, productivity, innovation, wage rates, linkages with domestic suppliers, etc. Our method of constructing a counterfactual from a pool of foreign and domestic firms essentially involves differencing out the effect of one set of characteristics on which the matching is based, and identifying across the remainder. Our objective is to understand the aggregate effect of foreign firms so we use a parsimonious matching criteria which does not control for any firm characteristics except those required to ensure that our counterfactual pool has the same industry mix, size and age profile.
Accordingly we match our firms only on three characteristics: SIC code (to control for differences across industries), age (to ensure that our results are not affected by endogenous time varying location characteristics), and size (to control for scale). We use exact matching techniques to match each domestic firm with one foreign firm. In order to qualify as a match the domestic firm must be in the same industry as the foreign firm, its year of establishment (the first date it operated under its current ownership in that location) must be within +/-two years and its number of employees must be no more than +/-10 percent of its counterpart. Using these criteria we find an average of 2.7 domestic firms per foreign firm. This gives us a total pool across all our industries of 41,921 foreign firms and 155,108 domestic firms. Table   C1 indicates that the differences between our foreign firms and control group are small (by construction).
Using these firms we run 1000 simulations, each time drawing N f firms in each industry from the control group and calculating the average distance between new firms and these draws. Our confidence interval for the mean distance between new and foreign firms is constructed such that only 5% of our counterfactual mean distances between new firms and randomly selected control firms are above or below the upper and lower bound.
b. Spatial Results
Our question is whether the location patterns of new firms are essentially a random allocation with respect to the ownership of existing firms. We dropped 268 industries (out of 956 industries-239 industries in four countries) because they had less than 10 new firms or less than 10 foreign firms in any country. We find that the average distance from a new firm to a foreign firm in the same industry is 23.3
km. Several conclusions emerge with respect to four-digit industries: (i) our average distance between new firms and foreign firms in the same industry is 23.3 Kms, (ii) this is greater than the average distance from our Monte Carlo simulations drawing at random from a pool of foreign and domestic firms (25.2).
(iii) The 5th percentile of the mean of these counterfactual draws is 24 Kms (the 8th percentile corresponds to 23.3). Thus for firms in the same industry we conclude that while the average distance between new and foreign firms is larger than the distance from counterfactuals, we cannot say that it differs from what might be produced from a random allocation at the 5% level of significance. However our results are stronger when we consider relationships between industries. Following our methodology in the previous section, for each industry we use input-output matrices to identify the 5 paired industries for which the input output coefficient is greatest. For example, SIC Notes: All regressions include country, industry, and time dummies and are estimated by OLS with White's correction of heteroskedasticity and corrected at the country level (clustering). Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance. Regressions are weighted by the number of firms in each industry used to calculate the entrepreneurship measure. The dependent variable corresponds to the skewness of the employment distribution. The capital mobility variable corresponds to IMF index in (1); Capital Inflows/GDP in (2); FDI Inflows/GDP in (3). GDP data, Domestic Credit/GDP come from WB, WDI. Bureaucratic Quality, Non-corruption and Law and Order from ICRG. See Appendix A for detailed description of the data. Notes: All regressions include country and industry dummies and are estimated by OLS with White's correction of heteroskedasticity. Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance. In (1), (3), (5) the dependent variable is entry of new firms; in (2), (4), (6), the skewness of the employment distribution. See Appendix A for detailed description of the data. Notes: All regressions include country, industry and time dummies and are estimated by OLS in columns (1)- (3) and Tobit in columns (4)-(6) with White's correction for heteroskedasticity. Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance.
Regressions are weighted by the number of firms in each industry used to calculate the entrepreneurship measure. In columns (1)-(3), the dependent variable is the skewness of the employment distribution of domestic firms; in columns (4)-(6) entry of new domestic firms. For the "same industry," foreign firms are the share of foreign firms to total firms. For the industries upstream and downstream the variable is the number of foreign firms in the up/down industry weighted by the I.O. coefficient between the industries. GDP data, Domestic Credit to GDP are from WB, WDI, Bureaucratic Quality, Non-corruption and Law and Order from ICRG. See Appendix A for a detailed description of the data. Notes: All regressions include country and industry dummies and are estimated by OLS with White's correction of heteroskedasticity. Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance. In (1), (3), (5), (7) the dependent variable is entry of new firms; in (2), (4), (6), (8) (1) All regressions include country, industry, and time dummies and are estimated by OLS with White's correction of heteroskedasticity and corrected at the country level (clustering). Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance. Regressions are weighted by the number of firms in each industry used to calculate the entrepreneurship measure. The dependent variable corresponds to the skewness of the employment distribution. The capital mobility variable corresponds to IMF index and Capital Inflows/GDP. GDP, Domestic Credit to GDP data come from WB, WDI. Bureaucratic Quality, Non-corruption and Law and Order from ICRG. See Appendix A for detailed description of the data. Notes: All regressions include country, industry, and time dummies and are estimated by OLS with White's correction for heteroskedasticity and corrected at the country level (clustering), except for entry regressions, which are estimated by Tobit and are not clustered. Robust standard errors are in parentheses denoting *** 1%, **5%, and *10% significance. Regressions are weighted by the number of firms in each industry used to calculate the entrepreneurship measure. The dependent variable is age in (1); vintage in (2); skewness of employment of wholly owned firms in (3); skewness of employment in (4)-(6). Column (6) reports the two-stage least square estimates, instrumenting the international financial integration measure with LLSV variables. GDP data, Domestic Credit to GDP come from WB, WDI, Bureaucratic Quality, Non-corruption, and Table C1 : Spatial AnalysisNote: Data is for UK, Spain, France, and Germany. Foreign firms are those firms which report a foreign owner, and the counterfactual sample is made of foreign firms and matched domestic firms. The matching criteria is that the domestic firms be in the same 4-digit industry, its year of establishment (the first date it operated under its current ownership in that location) must be within +/-two years and its number of employees must be no more than +/-10 percent of its counterpart.
Summary Statistics for New, Foreign, and Counterfactual Samples
